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Fig.2 Principle of fault detection
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Fig.3 Structure of neural network
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Fig.5 Boiler water level curve for 1.5 hours
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Fig.6 The deviation curve of network
output from real level
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Fig.4 Flowchart of BP training
neural network algorithm
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Fig.7 Constant gain fault of water level sensor
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Fig.9 Constant deflection fault of water level sensor
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Fault detection for boiler water level sensor based on neural network
CHEN Li-juan', YANG Xin?
(1. Dept. of Electrical Engineering,Southeast University ,Nanjing 210096, China;
2. Dept. of Automation Control,Southeast University,,Nanjing 210096 ,China )
Abstract: A model of predictive water level output is built up by analyzing the output signals of

main water supply flow and main steam flow. A new method of fault detection for boiler water

level sensor based on neural network is brought forward. The neural network is built up,and then

trained with lots of learning samples to determine the weights and thresholds. The system is

simulated and its output is compared with that of the real system. Results show its effectiveness.
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