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Fig.4 Comparison of different forecast methods
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Fig.5 Comparison of different forecast methods
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Mid- & long-term load forecast based on GRNN
YAO Li-xiao',LIU Xue-qin'?*,WU Li',XUE Mei-juan'
(1. Department of Electrical Engineering, Xi’an University of Technology,Xi’an 710048, China;

2. Department of Electrical Engineering,Shaanxi University of Technology,Hanzhong 723003, China)
Abstract: The basic arithmetic and network structure of GRNN(Generalized Regression Neural Network),

as well as

the determination of smoothing parameter,are introduced,based on which,a forecast model

of GRNN is established by taking the mean square error of error series as the evaluation criterion

and adopting the smoothing parameter with minimal error. The method to decide the input neuron

number is proposed:it is initialized to m by experience according to the order of self - regression

model ;the smoothing parameters for different input neuron numbers around m are used to calculate

the corresponding forecast errors of training samples;the final input neuron number is decided

according to the minimal evaluation index of BIC rule. The GRNN is applied to single - step and

multi - step mid- & long-term load prediction. Compared with BP network,the presented method has

higher forecast precision,even for sparse training samples.
Key words: GRNN; mid- & long-term load forecast; time series prediction; BIC rule



