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for signals with different amplitudes
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Yesh 2w I3 R REA KL Iy HEREA B E#I% /%
B Tk 200 0 100.0
YIRS 199 1 99.5
FL T 198 2 99.0
EENASE e 198 3 98.5
FL 194 6 97.0

1 T RVE W 28 RE — 4 3 0 1 )
FAR @, P R AT A Ry s T Bl GRS R
97 %), s BT Al UL B B B o B R 8, FE R
TG SRR AE A N AL AN 5 X 43, eAh A5
O TS i B/ | LAz B MR | S 30 TR T
o2,

44 EEMTHHW

AT WFRA SRR A s 0 o ROR | 1
Bk o+ 8 FE AT 4307, BEALEE B S8R B
BIKPIRE =1, FFEE0 R 1 ms; B FHHIRE a=
0.5, FFZET[a] R 27 3 A SNR 4 30 dB #Y I
5 B4 R AN E 10 B

FRAE L 10 BT %0 . 10 (b)) Ha i B2 1Y) de K AB K
T, P S5 5 & A8 S K vp oy AR s
B 10 (c) HHL R (8 RE L T e B2 3l 2 o e 8 T
B R 150 B A7 7 R T4y, e mr 2 AR

4
g 0
—4 L L n n J
0.02 0.04 0.06 0.08 0.10
18] /s
(a) TR1H
400
P
z 300r 220 B2k
i
200 : : : : :
0 1000 2000 3000 4000 5000

B/ Ha
(b e e £

)
e

=
o
5

A AL
™)
~

N\

2.0 : — '
0.01 0.02 0.03 0.04 0.05 0.06 0.07 0.08 0.09
i 8] /s
(c) HLEA A

10 EAMFBIRRER
Fig.10 Results of classification for mixed disturbances
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Tab.2 Results of classification for mixed disturbances
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Recognition of transient power quality disturbances
based on CWD spectral kurtosis
ZHU Ling,LIU Zhigang,HU Qiaolin,ZHANG Qiaoge
(School of Electrical Engineering,Southwest Jiaotong University ,Chengdu 610031, China)

Abstract: Since the process of present transient power quality disturbance recognition is very complex and

sensitive to noise,an algorithm based on CWD spectral kurtosis and combined with RMS is proposed for its

recognition,,which sorts the disturbance signals according to the CWD spectral kurtosis into three types:

transient pulse,transient oscillation and amplitude disturbance,and then classifies the amplitude disturbance

according to its RMS into one of three voltage kinds:swell,sag and interrupt. It does not need any

classifier, extremely simplifying the calculation process and reducing the calculation time. Simulative results

verify the correctness of theoretical analysis.

Key words: transients; power quality; CWD; spectral kurtosis; root-mean-square algorithm
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