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Fig.1 Online detection and classification of PQD

2 ETFHEIERM PQD K

2.1 ¥zhsam
P B RGN 2 S P O 0 S B G O A
IR OARSCHEH WT A1 DFT A4S & 89P0 sk 1k 28 25

BHBIEILE RS, A SCEERC db4d /NEAE A 3L R B
AT 3 B,

FHL ) R G0 i R DL s i M S O 32 AR SR A
L Stein JG i XUBS: 5 1B Ay 56 il 1) 20 (5 L 2 Mgy 3 057
E 25 W 11 [F] Fof R 1 R BA PR Sl ARRAE X i sl a0
HH SRR R AT W, a5 1 240 o B R T
DI Mr R B AEfEd sl . LA R S 5 i), 155 H
JEMEAE R 1 pou., I EB S 1.2 pou., R K ETES
640 T RFEGAL FREEEE 1280 A RAEES AL, WNE 2
(a)i7s , Lhdb4 /NEHAT 3 2000 A5 2155 1 24075
A3 R, YA Ak X R A i R RO i T H A
K 2(b) PR,

1600 2000

0 400 800 1200
R
(a) BIRMEIFE S

0.02
~ 0 _‘v— —‘.—
-0.02

2(I)0 4(I)0 6(I)O S(I)O 1 dOO
(b) 25 1 JZ/INE S5 fi (0 40 35 £ 16
B 2 BELENI G
Fig.2 Disturbance detection for voltage swell
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Fig.4 Schematic diagram of Hoeffding Tree algorithm
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Online power quality disturbance classification based on Hoeffding Tree
DING Jianguang ,ZHANG Peichao

(Key Laboratory of Control of Power Transmission and Conversion,Ministry of Education,Department of
Electrical Engineering,Shanghai Jiao Tong University,Shanghai 200240, China)

Abstract: An online classification method based on Hoeffding Tree is proposed for the online classification
of PQD (Power Quality Disturbance). The key technologies used in the online PQD classification based
on power quality data stream are researched and a PQD detection method combining the wavelet transform
and the DFT(Discrete Fourier Transform) is proposed,which adopts an adaptive sliding window to extract a
complete PQD event according to its duration. The characteristic vector is composed of the wavelet energy
and the fundamental RMS and the Hoeffding Tree algorithm is applied to build the incremental
classification training model. Simulative results show that,the accuracy and efficiency of the proposed
method meet the requirements of online PQD detection and classification.

disturbance; wavelet transforms; adaptive sliding window; data mining;

Key words:

power quality;

Hoeffding Tree; noises; data stream
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State estimation for power system of seafloor observatory network
FENG Yingbin'?,LI Zhigang’, WANG Xiaohui’
(1. University of Chinese Academy of Sciences,Beijing 100049, China;2. State Key Laboratory of Robotics,
Shenyang Institute of Automation,Chinese Academy of Sciences,Shenyang 110016, China)

Abstract: Because the traditional WLS(Weighted Least Squares) method has low robustness and accuracy
when it is applied in the state estimation for the power system of seafloor observatory network with low
measurement redundancy,a method combining the wavelet analysis with WLS is proposed,which adopts the
wavelet de-noising theory to improve the accuracy of WLS state estimation and the wavelet singularity
detection theory to improve the WLS robustness by identifying the senor faults. The simulative results based
on the power system model for seafloor observatory network verify the superiority of the proposed method.
Key words: seafloor observatory network; state estimation; electric power systems; WLS method; wavelet

analysis; de-noising; singularity detection



