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Short-term wind speed forecasting considering historical meteorological data
SHI Yuwei,PAN Xueping
(School of Energy and Electrical Engineering,Hohai University, Nanjing 210098, China)

Abstract: A method of short-term wind speed forecasting considering the historical meteorological data is
proposed. With the historical wind speed data and historical meteorological data as its original inputs,the
HEFS(Hybrid Feature Selection) method is applied to select the variables strongly relevant to the wind speed
and to generate the input characteristic set of the forecast model. The HGP(Heteroscedastic Gaussian Process)
model is then applied to build the forecast model for expressing the randomness of wind speed. A one-hour
wind speed forecasting is carried out based on practical wind speed data and results show that the
proposed method improves the accuracy of wind speed forecasting.
Key words: wind power; wind speed; forecasting; meteorological data; hybrid feature selection; heteroscedastic
Gaussian process; models
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Scenario clustering method for extracting TTC operating rules of
transmission corridor with wind power
LIU Ruofan',LIU Junyong', LIU Youbo', YANG Jiashi*, GOU Jing',XU Lixiong',
JIANG Changjiang',CHEN Chen',BAZARGAN Masoud®
(1. School of Electrical Engineering and Information,Sichuan University ,Chengdu 610065, China;
2. State Grid Sichuan Electric Power Company,Chengdu 610061, China;
3. ALSTOM Grid Research & Technology Centre,Stafford ST17 4LX,UK)
Abstract: A scenario clustering method for extracting TTC(Total Transfer Capability) operating rules of trans-
mission corridor integrated with wind power is proposed based on the formulation of conventional operating
rules. The scenario clustering is carried out according to the output power of wind farm and the load level
and the TTC risk calculated for a certain scenario is taken as the reference of dispatch. The data mining
technique is applied in the formation of rules,including sample generation,feature selection and rule
extraction. The TTC rule base containing the wind power information is generated by integrating the
dispatch information of all scenarios. Case simulation considering transient security is carried out for IEEE
39-bus system and results show that,the TTC dispatch information extracted by the proposed method reflects
properly the relationship between power grid operation state and TTC.

Key words: wind power; TTC; scenario clustering; operating rule; data mining; risks





