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Table 1 Categories of transformer fault
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Table 3 Discretization of DGA data
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Table 4 Result of transformer fault diagnosis
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Parallel fault diagnosis based on MapReduce for electric power equipments

WANG Dewen,LIU Xiaojian
(School of Control and Computer Engineering,North China Electric Power University, Baoding 071003, China)

Abstract: As an example,a parallel fault diagnosis algorithm based on MapReduce is given for diagnosing

the power transformer faults in smart grid,which includes four MapReduce procedures in its training stage

to obtain the classification model and one MapReduce procedure to complete the fault diagnosis based on

the status data of electric power equipment. An experimental platform is built and a parallel fault diagnosis

experiment based on the massive DGA (Dissolved Gas Analysis) data of power transformer is carried out.

Results show that,the diagnosis speed of parallel fault diagnosis is faster than that of mono-computer

environment ,meeting the requirement of rapid fault diagnosis based on the massive status data of electric

power equipments in smart grid.
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MapReduce; power transformers
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