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Fig.1 Wind power time series of a wind farm
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Table 1 Results of weighted
index evaluation
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Table 2 Results of model prediction for
different criterions
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Fig.2 Comparison between actual and predicted
wind powers for different prediction models
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Table 3 Comparison of error and time consumption
among different prediction models
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Wind power chaotic time series prediction model based on

improved local Volterra adaptive filter
WANG Lan,LI Huagiang, WU Xing, WANG Yujia

(Intelligent Electric Power Grid Key Laboratory of Sichuan Province,School of Electrical Engineering and
Information, Sichuan University ,Chengdu 610065, China)

Abstract: According to the features of wind power chaotic series,a wind power chaotic time series pre-
diction model based on the improved local Volterra adaptive filter is proposed. Since different neighboring
points together with their coordinate components have different time distances from the prediction point and
have different influences on the prediction point,an integrated criterion considering the time influence and
combining with the distance and the evolution trend is proposed for selecting the correlative neighboring
points,which are then used to build the improved local Volterra adaptive filter model. The actual data of a
wind farm are applied to build the prediction model for simulation and the simulative results show that,the
proposed prediction model has faster speed and better accuracy.

Key words: wind power; prediction; short-term prediction; neighboring points; local Volterra adaptive

filter; chaotic time series; models
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