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Fig.2 Fault location and cause of
power transformer
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Fig.4 Multilevel decision model for transformer
fault diagnosis
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Table 1 Sample data of winding faults
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Table 3 DGA and partial discharge value

when transformer is input and abnormal
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Table 4 Basic probability assignment function
of first level decision fusion
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Table 6 Basic probability assignment function of
second level decision fusion
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Table 7 Confidence and likelihood of
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Fig.6 Results comparison before and after
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Deep fault diagnosis of power transformer based on

multilevel decision fusion model
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Abstract: A method combining deep confidence nets with D-S evidence theory is proposed to solve the deep

fault diagnosis problem of power transformer. A multi-level decision fusion model is established for fault

diagnosis of power transformer,by using deep confidence nets to extract and classify the characteristics of

multi-source information in faults of power transformer and using D-S evidence theory to solve the

uncertainties of fault diagnosis. Simulation is carried out with dissolved gases in transformer oil,partial

discharge value,historical fault data and family history of quality as samples,whose results show that the

proposed method is effective for fault diagnosis of power transformer,which has a large amount of multi-

source information.

Key words: power transformers; fault diagnosis; multi-source information fusion; deep belief nets; D-S

evidence theory; uncertainty analysis



