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Fig.1 Overall process of time series data analysis
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Fig.3 Storage mode of time series data
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Parallel permutation entropy feature extraction method for time series data
based on cloud platform
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Abstract; With the large-scale construction and development of AMI( Advanced Metering Infrastructure) and various

monitoring systems, the size of time series data grows exponentially , which occupies a large proportion in the smart

grid big data. The feature extraction of time series data is a key step that affects the quality of data mining. Traditio-

nal feature extraction algorithms can no longer meet the requirements of mass data processing in the context of big

data. The table storage method and feature extraction algorithm based on parallel permutation entropy are designed

and implemented for time series data by combining with the cloud computing platform and MaxCompute big data pro-

cessing technology. Different scale data sets are tested on the cloud computing platform,and results verify the accu-

racy and high performance of the parallel permutation entropy algorithm.

Key words :time series data;permutation entropy ;feature extraction ;parallel algorithm ;big data;cloud computing



