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Fig.1 Topology schematic diagram of multi-source

information fusion network
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Fig.2 Fault diagnosis model based on multi-source

information fusion
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Table 1 Types of power transformer fault
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Fig.3 Framework of transformer fault recognition
based on M-RVM and DS evidence theory
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Table 2 Diagnostic results of M-RVM
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Transformer fault diagnosis method based on information fusion and M-RVM

HUANG Xinbo',MA Yutao’,ZHU Yongcan'

(1. College of Electronics and Information,Xi’an Polytechnic University,Xi’an 710048, China;
2. Yan’an Power Supply Company of State Grid Shaanxi Electric Power Company,Yan’an 716000, China)

Abstract: Aiming at the problems of insufficient information in transformer fault diagnosis method based only
on dissolved gas data in oil and the defects of traditional evidence theory, a transformer fault diagnosis
model based on information fusion and M-RVM (Multi-classification Relevant Vector Machine) is studied.
Firstly, the DGA (Dissolved Gas Analysis) data and electrical test data are used as the input eigenvectors
of the diagnostic model, which can reflect the fault information of transformer more truly. Secondly, four
M-RVMs are used as classifiers to diagnose the faults,and the diagnostic results are transformed into the
evidences needed for evidence fusion. At the same time,the blue distance function and spectral angle cosine
function are introduced to correct the evidences. Finally,the improved conflict redistribution strategy is used
for decision fusion,so as to avoid conflicting evidence in the fusion process. The comparative analysis results
show that the transformer diagnosis model based on multi-source information fusion has higher diagnostic
accuracy than single feature parameter diagnosis and single diagnostic algorithm diagnosis.

Key words: power transformers; fault diagnosis;evidence theory; multi-classification relevant vector machine;

information fusion
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Islanding detection method based on consistency of quality factor under

different harmonic orders
DENG Cong,JIANG Yaqun,HUANG Chun
(College of Electrical and Information Engineering,Hunan University, Changsha 410082, China)

Abstract: In order to solve the problem that the harmonic voltage or impedance-based islanding detection
method has a large non-detection zone and the threshold is difficult to set,an islanding detection criterion
based on the consistency of quality factor under different harmonic orders is proposed,and the g-axis har-
monic current disturbance method is combined as a new islanding detection scheme. The computational for-
mula of load quality factor after microgrid islanding is derived. Since the inherent quality factor of load
has no concern with harmonic orders,the quality factors under different harmonic orders are consistent after
islanding, while the quality factor calculated during the grid-connection has no definite physical meaning,
and its value varies greatly under different harmonic orders. This characteristic is used to determine whether
islanding occurs. The feasible detection zone of the proposed method is analyzed theoretically,and the results
show that the proposed method can realize the rapid detection of small non-detection zone,and the harmonic
disturbance required to meet the calculation requirements is small, which has small influence on power
quality. Compared with the harmonic voltage or impedance-based detection methods,the proposed method is
more adaptable to the main network parameters,and its threshold setting is simple. Simulative results under
various load and line parameter scenarios verify the correctness and effectiveness of the proposed method.

Key words:islanding detection;harmonic current;quality factor;non-detection zone;grid-connection;consistency
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TableAl DGA analysis of fault transformer

FHEAHAD &' (pL/r)
HH#

Ho  CHy CHg CoHy CH, e

2013-06-06 63.26 85.02 2251 14496 138  253.87

2013-06-09 2647 8843 1931 13509 0.83  243.66

2013-06-10 3449 9240 2219 14224 091  257.74

2013-06-11 2765 9095 1996 14015 0.78 251.84

2013-06-12 3250 90.84 2051 140.00 0.78  252.13

2013-06-14 3561 9725 2146 15247 090  272.08
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