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Fig.1 Flowchart of identification and location of
infrared image for substation equipment based on

improved YOLOv3 algorithm
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Table 4 Comparison of detection performance of
YOLOV3 algorithm under different training methods
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Table 5 Comparison of different object

detection algorithms

Bk Vo / % F_/ (i-s™)
Faster R-CNN 87.71 11.70
YOLOvI 78.00 43.40
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Identification and location of infrared image for substation equipment

based on single-stage object detection algorithm
ZHU Huiling,NIU Zhewen,HUANG Kecan,TANG Wenhu
(School of Electric Power Engineering,South China University of Technology,Guangzhou 510006, China)

Abstract: In order to identify and locate the substation equipment in infrared image, a detection method
based on improved YOLOv3 algorithm is proposed. Using the infrared image set of substation equipment
collected in the field, the image enhancement algorithm based on Retinex and image processing methods
such as threshold segmentation are used to preprocess the image set. Then the parameters of YOLOv3 algo-
rithm are optimized based on infrared images of substation equipment, and the improved YOLOv3 network
is trained through the transfer learning strategy to solve the problem of insufficient number of image set
samples. The experimental results show that the proposed method can achieve a satisfactory detection accu-
racy in the case of a small number of samples,and can quickly identify and locate substation equipment
in infrared images.

Key words:substation equipment;object detection;Retinex image enhancement;YOLOv3;transfer learning
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Evaluation of provincial power grid voltage sag and optimal selection of
potential power supply points for industrial users

WANG Jianxun',ZHANG Yi',CHEN Jingteng’, WU Minhui’
(1. College of Electrical Engineering and Automation, Fuzhou University, Fuzhou 350108, China;

2. State Grid Putian Electric Power Company,Putian 351100, China;
3. State Grid Fujian Electric Power Co.,Ltd.,Fuzhou 350001, China)

Abstract: Aiming at the problem that most nodes of provincial power grid are lack of measured data and
evaluation results of voltage sag,which leads to the lack of basis for industrial users to enter the network,
a method of simulating and calculating the voltage sag index of provincial power grid nodes and optimally
selecting the potential power supply points of industrial users is proposed. In order to evaluate the voltage
sag level of nodes more accurately, the simulation calculation range of provincial power grid is proposed,
and the difference of fault rate and fault type ratio of lines with different voltage levels due to the expan-
sion of simulation range is considered. Considering the faults of 10 kV voltage level lines,the BPA model
data of 10 kV voltage level lines in the power grid dispatching department is extended, and the automatic
call of BPA parallel simulation calculation is realized to obtain the voltage sag index of grid side nodes.
The concept of voltage sag associated cost is introduced,and the potential power supply points are selected
optimally by comprehensively considering factors such as the grid side voltage sag index, the user side
load sag tolerance degree, the voltage sag economic loss, the installation cost of special line, and so on.
Through example analysis of a provincial power grid,it is verified that the proposed method can effectively
avoid the problem of over-evaluation or under-evaluation of voltage sag,which can provide a reference for
industrial users to select potential power supply points.

Key words: provincial power grid; voltage sag; Monte Carlo method; evaluation index; optimal selection of

potential power supply points;industrial users
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Fig.A4 Detection results of identification and location of infrared image for substation equipments

based on improved YOLOV3 algorithm
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