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prediction algorithms
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Table 1 Results of evaluation indexes for
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Fig.5 Comparison of prediction results between

before and after correction
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Table 3 Comparison of evaluation indexes of

probability prediction
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Ultra-short term conditional probability prediction of wind power
considering error time dependence
WANG Sen,SUN Yonghui,ZHOU Yan,WANG Jianxi, HOU Dongchen,ZHANG Linchuang
(College of Energy and Electrical Engineering, Hohai University,Nanjing 210098, China)
Abstract: Aiming at the problem of rough error set of single parametric modeling, the modeling based on
wind power historical characteristics is carried out,the capabilities of feature extraction of deep belief net-
work and optimization of particle swarm optimization algorithm are integrated, and the time dependence of
prediction error is analyzed to realize error correction. The error sample set is analyzed,and a ultra-short
term conditional probability prediction model of wind power is built considering the error time dependence.
The case analysis based on the actual data of a wind farm in Jilin province of China is carried out,and
results show that the proposed model can effectively improve the prediction quality.
Key words:deep belief network;wind power prediction;ultra-short term;error correction;conditional probability

prediction
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Fig.A4 Probability prediction results under different confidence levels
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