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Tab.1 The quantified coefficients of
weather — temperature
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Tab.2 An example for calculation

B Li/MW Lo/MW  8/% | WB Li/MW L,/MW  8/%
5469 55576 1.62 13 7262 73873 1.73
5277 53366 1.13 14 7057 7273.6 3.07
5107 51147 0.15 15 7071 71141 0.61
5009 49784 -0.61 16 7313 74512 1.89
5176 52847 2.10 17 7384 76683 3.85
5670 5671.1 0.02 18 7372 75251 2.08
5846 5803.3 -0.73 19 7168 73558 2.62
6018 62022 3.06 20 7626 78144 247
6791 6780.8 -0.15 21 8309 8569.1 3.13
7112 6989.0 -1.73 22 7856 75763 3.56
7271 7260.8 -0.14 23 6806 7023.8 3.20
7356 7517.1 2.19 24 6003 6141.0 231
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Short-term load forecast based on fuzzy support

vector machine method
GONG Deng-cai, LI Xun-ming,LI Lin-feng
(College of Electrical Engineering,Hohai University,Nanjing 210098, China)

Abstract .

Considering the influence of weather on loads,a method based on fuzzy SVM (Support

Vector Machine) is presented for the short-term load forecast. The days during last four weeks,

whose difference estimation function values are smaller than the given experiential value,are

selected as similar days for learning. The influencing factors of eigenvector are processed by fuzzy

membership functions to form the training sample set for SVM and fit the nonlinear relationship

between loads and influencing factors. SVM forecast models are established for every point of 24

-point loads,and an improved sequential minimal optimization method is used to train SVM. The

example provides daily weather data and 24-point load data,and the maximum relative error and

mean error are selected to evaluate the forecast. Results show the proposed method simple,fast,

practical and effective.
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