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Study of sine-like signal measuring in electric power equipment
HUANG Tian-shu,ZHANG Kui,REN Qing-zhen
(School of Electronics and Information, Wuhan University, Wuhan 430072, China)

Abstract: For power network parameter measuring,when the frequency departure of sine-like sig-
nal or high-order harmonic disturbance occur,fast Fourier transform is used to control the initial
sampling angle for maximum precision. The proposed method improves the system precision without
increasing sampling speed,which has been verified by simulation with Matlab, mathematical
proving and test in a data acquisition system with MAX 197 as its A/D converter.
Key words: frequency departure; fast Fourier transform; sampling angle
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Fig.1 The general model of intrusion detection
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Fig.2 The intrusion detection model based on SVM
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Application of support vector machine in intrusion detection system
LING Yong-fa',XIE Ji-ping’
(1. Faculty of Science,Xi’an Jiaotong University,Xi’an 710049, China;
2. Yunnan Radio & TV University , Kunming 650223, China)
Abstract: The actual IDS(Intrusion Detection System) has poor expansion ability when there is less

knowledge. The principle of IDS is introduced briefly. As an assortment in nature,IDS detaches the

normal data from exceptional data by detection. The intrusion detection model is presented. The

SVM (Support Vector Machine) is an assortment machine,which is specially design for small sample

data and insensitive to data dimension. The general IDS model based on SVM is brought forward,

which comprises three parts:audit data pretreatment processor,SVM assortment machine and decision

-making system. Four aspects are focused on:feasibility,model structure,working process and imp-

lementation.
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