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Tab.1 Fault distributions in sample
sets for training and verification
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Tab.2 Comparison of diagnosis results
among different methods
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Power transformer fault diagnosis based on least
square support vector machine

XTAO Yan-cai,ZHU Heng-jun
(School of Mechanical ,Electronic and Control Engineering,
Beijing Jiaotong University, Beijing 100044, China)

Abstract: DGA (Dissolved Gas Analysis) is essential to the fault diagnosis of power transformer.
A model using LS-SVM (Least Square Support Vector Machine) is built to improve the accuracy
and reliability of classification. It takes five characteristic gases dissolved in transformer oil as its
inputs and seven transformer states as its outputs,selects the radial kernel,applies the one - against -
one algorithm,and fully uses the superiority of SVM in processing finite samples. A mass of fault
samples are analyzed and results are compared with those obtained by the methods of IEC three -
ration,improved three - ration and BPNN,which shows that the LS-SVM algorithm with radial kernel
has higher precision.
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