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Tab.4 Results of diagnosis based on test
samples with incomplete attributes

el —— TS
JE PR B NB g Bin i HLRE K
0 50 100 100 100 100 100
1 210 100 100 100 100 100
2 500 100 100 100 99.4 100
3 500 100 89.6 100 97.8 100
4 500 99.6 89.0 99.6 96.4 99.7
5 500 98.2 86.0 98.2 90.0 98.3
6 500 89.2 66.6 89.6 78.0 92.1
7 500 76.2 26.2 79.0 63.6 83.5
8 500 59.6 24.6 65.0 49.6 71.2
9 500 454 22.0 48.6 29.2 55.9
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Tab.5 Results of diagnosis based on
samples missing one key attribute
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Fig.1 Results of diagnosis by
different models for case
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Transformer fault diagnosis based on selective Bayes classifier
ZHAO Wenqing
(North China Electric Power University,Baoding 071003, China)
Abstract: As the test data of electric power transformer fault diagnosis are incomplete and biased,a
transformer fault diagnostic method is proposed based on selective Bayes classifier,which,with the ability to
process uncertain information,combines DGA (Dissolved Gas Analysis) with other electrical test results. The
transformer fault diagnosis model is built based on selective Bayes classifier. Its superiority in uncertain
information processing is elaborated in detail. With the accumulated and improved training samples,it
automatically modifies the parameters of network structure and probability distribution. Experimental results

show that Bayes classifier is suitable for the transformer fault diagnosis.
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