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Application of support vector machine based on grid search and cross validation

in implicit stochastic dispatch of cascaded hydropower stations
JI Changming'?,ZHOU Ting',XIANG Tengfei’, HUANG Haitao'
(1. School of Economic and Management,North China Electric Power University,Beijing 102206, China;

2. School of Renewable Energy,North China Electric Power University,Beijing 102206, China)
Abstract: The combination of SVM (Support Vector Machine) theory combined with grid search and cross
validation is applied to the implicit stochastic optimal dispatch of cascaded hydropower stations under the
condition of uncertain inflow. With the minimum system structure risk taken as the training objective of
SVM and the parameter distribution law combined,the exponentially divided grid is searched for determining
the optimal model parameters. K-fold cross validation technique is adopted in the evaluation of SVM
training performance,which decreases the influence of training sample randomness on the performance of
training model and improves its generalization ability. The implicit stochastic optimal dispatch of cascaded
hydropower stations is simulated on the hybrid programming platform of VC_ and MATLAB,which shows
that,the implicit stochastic optimal dispatch based on SVM with optimized parameters enhances both power
generation capacity and process.
Key words: support vector machines; grid search; cross validation; hybrid programming; cascaded hydropower
stations; optimization; hydroelectric power
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Decoupled three-phase power flow calculation for distribution network with DGs
YANG Xiong', WEI Zhinong',SUN Guogiang',SUN Yonghui',DING Xiaohua®,XU Xiaohui’
(1. Research Center for Renewable Energy Generation Engineering, Ministry of Education,Hohai University,
Nanjing 210098, China;2. China Electric Power Research Institute(Nanjing),Nanjing 210003, China)

Abstract: A method of decoupled three-phase power flow calculation is proposed for distribution network
with DGs. The three-phase load models,sequence parameter models of distribution network and the grid-
connection models of different DG types are built based on the sequence component method. Based on the
structure of distribution network ,the three-sequence decoupling-compensation models of unsymmetrical line
and the path-loop analysis method,an effective method of improved power flow calculation in sequence
network is proposed for the unbalanced three-phase distribution network. The grid-connection interfaces for
different DG types are classified into PQ,PQ(V),PV and Pl node types,the corresponding DG models
suitable for the power flow algorithms of unbalanced three-phase distribution network are built,and their
iterative calculation models are derived. Case analysis verifies the effectiveness,versatility and convergence
of the proposed algorithm,showing its better performance in DG node handling and DG reactive power
boundary treatment.
Key words: distribution network; three-phase decoupling; power flow calculation; distributed power

generation; three-phase unbalance; models
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