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Fig.1 Prediction interval construction by particle
swarm optimization algorithm
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Interval prediction of dissolved-gas concentration in transformer oil
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Abstract: The factors highly related to the variables to be predicted are confirmed by the grey relational
analysis and a combination prediction model with objective weight is built based on the entropy theory. Since
uncertain factors may influence the dissolved-gas concentration in transformer oil and the prediction interval
can effectively quantify its fluctuation,the proportionality coefficient method and particle swarm algorithm are
adopted to build an interval prediction model of dissolved gas in transformer oil at a certain confidence
level ,which,different from the traditional interval prediction method,does not have to obey the normal
distribution limitation. The calculative results for an example show the effectiveness of the proposed model.

Key words: eclectric transformers; dissolved gas; relevance; entropy; prediction; combination prediction;

normal distribution; prediction interval; models
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