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Table 1 Comparison of forecasting results
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Table 2 Comparison of reliability and
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Short-term probabilistic wind power forecast considering ramp characteristics
GAN Di,KE Deping,SUN Yuanzhang,CUI Mingjian
(School of Electrical Engineering, Wuhan University, Wuhan 430072, China)

Abstract: Short-term probabilistic wind power forecast is conducive to electric power scheduling and wind
power accommodation. A method of probabilistic wind power forecasting with the consideration of ramp
characteristics is proposed. The characteristics of different wind power ramp definitions are analyzed and the
concept of complementarily combined forecasting is elaborated. The deterministic wind power forecasting
model is established based on the wavelet neural network and a probabilistic forecasting model with the
two-dimensional kernel density estimation of wind power ramp rate and wind power forecast error is
established for different wind power sections. The conditional probability distribution of the latter is
calculated by the joint probability distribution for obtaining the probabilistic wind power forecast. The
simulative results show that,the proposed model has excellent accuracy of short-term probabilistic wind
power forecast.

Key words: wind power; probabilistic forecasting; wind power ramp event; wavelet neural network; two-

dimensional kernel density estimation
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