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Table 1 Partial experimental samples

T/°C L/(W-m™) U/ V
27.41 547.45 18.66
27.99 655.96 19.02
29.16 798.11 19.56
29.83 838.68 20.07
30.77 871.96 20.72
31.12 905.51 23.03
31.44 926.58 24.76
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VRS MAPE / % RMSE /V
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MPPT based on neural network optimized by intelligent water drop algorithm
ZHAO Wenqing,LI Yao
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Abstract: MPPT(Maximum Power Point Tracking) of photovoltaic system is of great significance for improving

the efficiency of photovoltaic power generation. A method of MPPT based on Elman neural network optimized

by IWD (Intelligent Water Drop) algorithm is proposed,which applies IWD algorithm to optimize the weights

and thresholds of Elman neural network for improving its training efficiency. The proposed method is

compared with traditional prediction methods to verify its effectiveness.
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