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Fig.2 Short-term wind power forecasting model based on EEMD
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Fig.3 Wind speed time series in wind farm for 10 days
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Table 3 Evaluation indexes of power error

R PR bR
MAPE/ % RMSE
EEMD 19.73 29.36
EMD 34.32 58.04
LS-SVM 55.38 121.91
ARMA 46.24 89 45
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Fig.10 Comparison of results obtained by four
wind power forecasting models
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Short-term wind power forecasting method based on EEMD and LS-SVM model
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Abstract ; Since the intermittent fluctuation characteristics of original wind speed signal have brought challenges to
wind power forecasting ,the EEMD ( Ensemble Empirical Mode Decomposition) method is adopted to decompose the
wind speed signal into stable sub-sequence signals on the frequency domain,which effectively improves the forecas-
ting accuracy and avoids the modal aliasing phenomenon of the traditional EMD ( Empirical Mode Decomposition )
method. An improved FOA ( Fruit fly Optimization Algorithm) is proposed ,which takes the parameters of wind speed
sub-sequence reconstruction and LS-SVM ( Least Squares Support Vector Machine) as the optimal objective to estab-
lish the wind speed forecasting model , expanding the search range of the parameters and improving the convergence
speed. The wind power can be obtained according to the transformation relationship between wind speed and wind
power. Experimental results show that the proposed method has higher forecasting accuracy than the EMD or LS-
SVM method.

Key words : microgrid ; power forecasting ; wind farms ;mode decomposition ;support vector machines ; phase space re-

construction ; fruit fly optimization algorithm



