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Probability forecast of short-term photovoltaic power generation based on

improved depth restricted Boltzmann machine algorithm
WANG Jidong, RAN Ran,SONG Zhilin
(Key Laboratory of Smart Grid of Ministry of Education, Tianjin University, Tianjin 300072, China)

Abstract ; Since the photovoltaic power is of obvious fluctuation , intermittence and random caused by the natural en-
vironment , the probability forecast of short-term photovoltaic power generation can effectively reduce the adverse
effects on the aspects of power grid dispatching, energy management,etc. A probability forecast model based on the
improved depth RBM ( Restricted Boltzmann Machine) algorithm is proposed , which adopts the grey correlation meth-
od to find the day similar to the forecasted day,and uses the genetic algorithm to optimize the parameters of RBM al-
gorithm , avoiding falling into local optimum and improving the forecast accuracy. A simulation example shows that
the proposed model can better reflect the probability distribution of photovoltaic power generation.

Key words : photovoltaic power generation ; probability forecast; RBM; grey correlation coefficient method ; genetic
algorithm



