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Table 2 Training and testing results of four classifiers
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Abstract ; NILM ( Non-Intrusive Load Monitoring) can realize the type identification of the user’s electrical equip-
ment and the load decomposition with low costs and without disturbing the users’ normal electricity consumption,
which is especially suitable for residential load monitoring. The installations of massive smart meters for domestic
consumers provide data support for residential NILM , which makes the residential NILM become a hot research topic.
Based on the samples of residential load steady-state current,the harmonic coefficients of the load steady-state cur-
rent are used as the load classification characteristics, and four NILM classification models based on MLP ( Multi-
Layer Perceptions) neural network, k-nearest neighbor algorithm, logistic regression and SVM ( Support Vector Ma-
chine) are established. The four types of classifiers are trained and tested with the BLUED database, their perfor-
mances of identification accuracy,training time,identification speed and anti-noise property are compared,and their
application effects in residential load identification are contrasted. Results show that,among the four classifiers, the
MLP neural network has the optimal classification effect and computational performance,which is more suitable for
monitoring the residential load.
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