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Fig.1 Vectorization process of monitoring

alarm messages
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Table 3 Parameter setting of each model
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Table 4 Confusion matrix of event recognition
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Table 5 Recognition results of each model
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Table 6 Recognition results of various events

based on proposed model
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Table 7 Comparison of recognition result among

proposed model and traditional models

HELRY WERNZR/ % YIZRIHE] /s REHE] /s
ALY 95.14 760.13 7.71
TF-IDF+ANN 86.87 53.98 0.06
Word2vec+ANN 89.57 19.49 0.13
TF-IDF+SVM 88.52 14.62 0.91
Word2vec+SVM 90.83 8.07 0.11
TF-IDF+REHL AR 90.36 3.91 0.03
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Fig.3 Recognition accuracy rate of proposed model
under different test sets
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Fig.4 Application flowchart of combining knowledge

base method with proposed model
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Intelligent recognition of power grid monitoring alarm event

combining knowledge base and deep learning
SUN Guogiang',SHEN Peifeng’,ZHAO Yang*,ZHU Hongqin®, DING Xiaoliu',
WEI Zhinong',ZANG Haixiang'
(1. College of Energy and Electrical Engineering,Hohai University,Nanjing 210098, China;

2. Nanjing Power Supply Company of State Grid Jiangsu Electric Power Co.,Ltd.,Nanjing 210019, China)
Abstract: Power grid monitoring alarm information is an important data base for monitoring personnel to
identify monitoring events. In view of the low efficiency of artificial processing of mass monitoring alarm
information and the demand for deepening the application of power grid intelligent technologies,an automatic
recognition of power grid monitoring alarm events based on knowledge base and deep learning is proposed.
Based on Word2vec model in natural language processing technology,the vectorized modeling of monitoring
alarm information is carried out, and the recognition model of monitoring alarm event is established based
on convolutional neural network. The effectiveness and practicability of the proposed model are verified by
comparison of examples. The application method of integrating knowledge base and the proposed model is
proposed, which realizes the intelligent perception and reliable recognition of power grid monitoring alarm
events.

Key words:power grid monitoring;alarm message ; Word2vec; convolutional neural network;event recognition;

knowledge base;deep learning
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Table A1l Recognition results of typical monitoring alarm events
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