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Fig.l1 Fine-tuning model for prediction of coherence of
upper and lower sentences based on BERT-NSP
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Evaluation of power equipment suppliers based on intelligent mining of
electric power dialogue text
WANG Haiyao', WANG Huifang',HU Junhua®,XU Jiquan®,LI Jianhong’,HE Benteng'
(1. College of Electrical Engineering,Zhejiang University, Hangzhou 310027, China;
2. State Grid Zhejiang Electric Power Company,Hangzhou 310007, China;
3. Zhejiang Huayun Information Technology Co.,Ltd.,Hangzhou 310012, China)

Abstract: Currently the satisfaction evaluation of power equipment suppliers mainly relies on manual statistics
and index calculation,and its accuracy is greatly affected by evaluators and evaluation contents. The dialogue
text of the electric power service platform is used as the research object. Taking the dialogue text of power
service platform as the research object, the evaluation model of power equipment supplier based on text
mining technology is established on the basis of expanding the entries and attributes of the existing electric
power ontology dictionary. Firstly,the next sentence predictive analysis method of single-round dialogue text
based on BERT (Bidirectional Encoder Representations from Transformers) NSP(Next Sentence Prediction)
and cosine similarity weighted is proposed. The dialogue interruption cross-handling process and supplier
identification rules are established to realize theme induction of electric power dialogue text. Then,considering
the complexity of the semantic sentiment of the dialogue text,the dialogue sentiment analysis rules are pro-
posed for establishing the supplier evaluation model. Finally,the accuracy of the proposed method is verified
by an example. Results indicate that the evaluation of power equipment suppliers based on the intelligent
mining of dialogue text is feasible and effective,and can be used as a useful supplement to current evaluation
methods.

Key words:electric power equipment;intelligent text mining;dialogue text;next sentence prediction;sentiment

analysis;supplier evaluation
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Online detection method of transformer winding deformation based on combined
analysis of short circuit impedance and AU-I, locus characteristics
LI Zhenhua'?,JJANG Weihui',YU Caiyun',CHEN Xingxin', LI Zhenxing',XU Yanchun'
(1. College of Electrical Engineering & New Energy,China Three Gorges University, Yichang 443002, China;

2. Hubei Provincial Key Laboratory for Operation and Control of Cascaded Hydropower Station,
China Three Gorges University, Yichang 443002, China)

Abstract:In order to solve the problem that the short circuit impedance method cannot identify fault types
and that both the short circuit impedance method and the AU-I, locus method are susceptible to the inter-
ference of equipment measurement errors, an online winding deformation detection method based on the
combined analysis of short circuit impedance and AU-I; locus characteristics is proposed. The principle of
online short circuit impedance method is introduced, and a calculation method of short circuit impedance
based on the short time invariance of measurement error is put forward to reduce the measurement error.
The principle of AU-I, locus method is introduced,then the online detection steps and criteria of transformer
winding deformation based on combined analysis of short circuit impedance and AU-I, locus characteristics
are given. The effectiveness of the proposed method and its accuracy considering measuring errors are verified
by establishing a transformer simulation model. The results show that the proposed method can accurately
identify transformer winding deformation faults when considering measurement error,and has the advantages
of live detection and fault type identification,which improves the identification accuracy of winding deforma-
tion fault.

Key words:power transformers;winding deformation;short circuit impedance; AU-I, locus;online detection
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Fig.Al Supplier evaluation process based on power dialogue text
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Fig.A2 Flowchart of dialogue interrupt cross processing
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TableAl Example of ontology dictionary in power domain
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TableA2 Examples of power dialogue text
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