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Fig.1 Training process of different learning rates
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auto-correlation function for next 8 hours
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Abstract: With the increasing penetration of wind power,how to effectively describe the uncertainty of wind
power output has become a huge challenge for the operation and planning of distribution network, for
which,a scenario generation method of wind power output is proposed based on implicit maximum likelihood
estimation. According to the data characteristics of wind power output curves,the loss function and network
structure suitable for scenario generation of wind power output are designed. Through unsupervised training,
the scenario generator can learn the mapping relationship between Gaussian noise and wind power output
scenarios. The wind power output scenarios with different time scales can be generated with the proposed
method by only adjusting the relevant parameters in the model. The simulative results show that both the
forecasting interval average width and forecasting interval coverage percentage of the proposed method are
better than those of the existing generative adversarial network,and the proposed method has certain univer-
sality for different wind farms.
Key words: wind power; scenario generation; generative model; deep learning; implicit maximum likelihood
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